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Recent empirical migration literature in South Africa suggests that access to physical and human 
capital, in the way of finance and education respectively, are key factors in increasing one’s 
probability of migrating. This paper attempts to extend this literature by directly measuring the 
extent to which social capital, broadly defined as one’s access to a migrant network, affects the 
probability of rural-to-urban migration. Using the first nationally representative panel dataset in 
South Africa, the National Income Dynamics Study, and defining a rural-to-urban migrant as an 
individual who is observed moving from a rural area in the baseline wave (2008) to an urban area 
by Wave 3 (2012), I estimate a standard model of migration choice with the inclusion of one’s 
connection to a migrant network. This connection is measured by being part of a household in 
the baseline wave that contains somebody with current or recent experience as a labour migrant. 
In line with international migration literature, the empirical results suggest that access to a 
migrant network increases the likelihood of becoming a migrant (by between 2-3 percentage 
points). These findings are robust to the inclusion of the individual’s prior migration experience 
and employment status. Furthermore, an extension of the core analysis to assess the impact of 
genetic relatedness in conjunction with the migrant network effect suggests some evidence of a 
household bargaining process at play. The findings in this paper therefore suggest that social 
capital does indeed play a role along with physical and human capital in determining who 
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Internal migration of individuals from rural to urban areas is a common occurrence in 
developing countries as many attempt to escape the poverty and unemployment that often 
plague rural communities. South Africa is one such example, where for over a hundred years 
individuals have migrated back and forth between their rural homes and the urban centres in 
search of employment and higher wages. The decision to migrate, however, is often constrained 
by the costs and risks involved. This paper will therefore explore the factors that facilitate the 
migration decision in South Africa, focusing specifically on the role of migrant networks. 
 
Migration in South Africa has its roots in racially discriminatory policies espoused by the pre-
apartheid and apartheid governments that restricted the movement and settlement of non-White 
individuals. As a result, internal migration in South Africa took on an ‘oscillating’ (or ‘circular’) 
pattern whereby individuals migrated back and forth between their rural homes and urban places 
of employment (Wilson, 2001). Despite the fact that these restrictions have since been lifted, this 
pattern appears to persist (Posel and Casale, 2003).  
 
Given this fact, the lack of empirical research into migration in South Africa is conspicuous; 
however, this has largely been due to data limitations and especially the fact that empirical 
migration studies necessarily require longitudinal data that can track individuals across time. With 
the development of such datasets in recent years, this has therefore been a growing field of 
research and much of the recent literature has focused on understanding what factors facilitate 
the migration decision. These include the state pension (Posel et al., 2006; Ardington et al., 2009; 
Ardington et al., 2013), housing subsidies (Clarke and Eyal, 2014), age and education (Schiel, 
2014; Posel et al., 2006; Clarke and Eyal, 2014).  
 
The factors cited above can be divided into two categories: physical and human capital. Since 
migration is costly, physical capital such as money or access to credit can relieve one’s credit 
constraints, thereby facilitating migration. Furthermore, human capital can aid the migration 
decision because if someone is better educated they are more likely to be better informed of, and 
qualified for, the job opportunities available in the urban centres. In addition to these, a third 
resource that individuals may draw upon to facilitate movement between areas is social capital, 
which can be broadly understood as one’s access to a migrant network (De Haas, 2010; Massey 
et al., 1993). Migrant networks act as a means through which information can pass from the 
urban centres to the rural communities, thereby reducing the uncertainty and risk associated with 
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migrating. Furthermore, migrant networks also offer direct assistance to new migrants thereby 
reducing the financial and psychological costs one might incur when moving across country. 
While social capital is likely to play a role in facilitating migration within South Africa, it has as 
yet been ignored in the empirical literature. 
 
This paper will therefore attempt to directly measure the extent to which one’s access to a 
migrant network affects the probability of rural-to-urban migration. Using the first nationally 
representative panel dataset in South Africa, the National Income Dynamics Study, and defining 
a rural-to-urban migrant as an individual who is observed moving from a rural area in the 
baseline wave (2008) to an urban area by Wave 3 (2012), I will estimate a standard model of 
migration choice. In this analysis, however, I will go further than previous migration studies by 
also controlling for one’s connection to a migrant network.   
 
The paper will proceed as follows: I will begin by discussing the literature around migration, 
giving a brief overview of the history of migrant labour in South Africa as well as the relevant 
theories of migration, focusing particularly on the theoretical role of migrant networks in 
facilitating the decision to migrate. I will then discuss the data in more detail, followed by an 
outline of the model and methodology to be used in this analysis. Finally, I will report and 
discuss the empirical findings and conclude. 
 
Literature Review 
i. Migrant labour in South Africa  
Labour migration in South Africa has a long history, stretching all the way back to the discovery 
of gold and diamonds in the late 19th century. Faced with huge resource reserves which needed 
to be extracted at the lowest possible cost, the South African Chamber of Mines monopolised 
the recruitment of African1 miners, ensuring that they were hired on short-term low wage 
contracts and housed in single-sex compounds on the mines (Wilson, 2001). This meant that 
miners could not migrate permanently with their families and were forced to return to their rural 
homes regularly when their contracts came to an end, laying the foundations of an oscillating 
system of migration in South Africa whereby migrants moved back and forth between their rural 
homes and urban places of employment, remitting income back to their families (Wilson, 2001). 
The Natives Land Act, passed in June 1913, further entrenched this system by limiting the 
supply of land that African farmers could legally own or rent for independent cultivation, as well 
                                                 
1 South African racial classifications are as follows: African (black), Coloured (mixed race), Indian/Asian, and White. 
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as restricting share-cropping arrangements between Africans and Whites on White-owned land. 
With few agricultural opportunities available to them, many Africans were thus forced to become 
migrant labourers, moving from their rural homes to urban centres in search of wage work 
(Walker, 1990; Posel and Casale, 2003). 
 
In 1948 the National Party took power in South Africa and began implementing a legalised 
system of racial segregation, widely known as apartheid, which restricted the rights and 
movement of non-White South Africans. A central tenet of the apartheid system was the notion 
of ‘separate development’, through which African households were forcibly removed from urban 
areas and made to live in their designated rural ‘homelands’ (Posel, 1991). Furthermore, 
movement out of these homelands was strictly regulated through the use of pass books which 
contained proof (of employment for example) that the holder of the pass book was legally 
allowed to be in an urban (White) area for longer than 72 hours (Gelderblom and Kok, 1994; 
Wilson, 2001). Failure to provide such proof would be grounds for arrest and deportation back 
to the homelands.  
 
The oscillating system of labour migration that arose out of the growth of the mining sector was 
therefore firmly entrenched through the apartheid institutions of separate development and 
restricted movement. Africans were prevented by law from settling permanently in urban areas 
and those who did find employment in the cities were unable to bring their families with them to 
their places of work (Posel, 2001; Posel and Casale, 2003; Posel, 2004). Migrants would thus 
leave their rural communities in search of employment while retaining household membership in 
those communities and would typically support their households financially by remitting income 
back to them. Additionally, due to the fact that many labour migrants were employed on short 
term contracts, they would then return to their home towns once their contracts came to an end 
(Posel, 2001).    
 
After the restrictions surrounding African movement and urbanisation were lifted toward the 
end of the 1980s, many predicted that the characteristic oscillating system of migration would be 
replaced by permanent migration to places of employment, since it would finally be possible for 
entire families to move, rather than just individuals (Posel and Casale, 2003; Posel, 2004). 
However, in an analysis of the available post-apartheid migration data, Posel and Casale (2003) 
found no evidence of this trend taking place and in fact found that internal labour migration rose 
between 1993 and 1999, with labour migrants retaining close economic ties to their original 
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households. This apparent persistence of circular migration is interesting and in unpacking the 
theory behind the migration decision as well as the available empirical evidence for South Africa, 
the following section will attempt to provide a more holistic picture of why and how people in 
South Africa decide to migrate in the present day. 
 
ii. The migration decision: theoretical motivations and empirical findings 
The theory behind the decision to migrate, both internally and internationally, has evolved 
greatly over time, with each new theory adding its own dimension to this multifaceted issue. The 
most traditional economic view of migration is that postulated by neoclassical economics, which 
holds that the migration decision is made at the individual level as a standard cost-benefit 
calculation – an individual will migrate if the discounted net future earnings (returns to skills) in 
the destination area outweigh those in the area of origin (Borjas, 1987; Borjas et al., 1992). The 
decision to migrate is thus purely self-interested and determined by the macro-level supply and 
demand for labour in the destination and origin labour markets respectively.  
 
Neoclassical economics assumes that all markets are complete and equally accessible by all 
individuals. These assumptions, however, are largely unrealistic, especially in developing 
countries, and are challenged in the migration literature by the ‘new economics of migration’ 
outlined by Stark and Bloom (1985). This theory assumes that markets – excluding the labour 
market – such as capital and insurance markets are in fact imperfect and inaccessible; hence the 
migration decision for a particular individual is instead taken at the household level as a means to 
spread risk and access additional capital that they are unable to access in their area of origin. The 
new economics of migration thus incorporates uncertainty and market failure, and rather than 
being an individual cost-benefit calculation, the migration decision is simply a part of the 
household’s broader strategy for income generation and risk management (Massey et al., 1993). 
 
With reference to the patterns of internal migration observed in South Africa, neoclassical 
economics would imply that rural-to-urban migration is purely a result of higher returns to skills 
in urban areas relative to rural areas; however, while this may be true, this theory does not 
adequately explain why we still observe oscillating patterns of migration in South Africa with 
migrants retaining strong economic ties to their rural communities. The new economics of 
migration, on the other hand, goes further than the neoclassical approach by allowing for 
interaction between the individual’s decision to migrate and the interests of the household from 
which the individual comes. This theory was in fact originally used as a means for understanding 
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an individual’s motivation to remit income post-migration, which, as mentioned above, is indeed 
a prevalent occurrence in South Africa (Lucas and Stark, 1985; Stark and Lucas, 1988). It is 
plausible that due to the inability for many to generate an adequate income in rural parts of 
South Africa, sending a member of the household to find work in the cities could constitute a 
form of insurance against income uncertainty (Posel, 2004).  
 
In addition to the theoretical motivations for migrating, much of the empirical literature, 
especially the South African literature, is focused on understanding which factors facilitate the 
actual decision to migrate. As mentioned above, present day South Africa has inherited an 
ingrained system of oscillating and male-dominated migration; hence it is interesting to explore 
how the patterns of migration are changing and what factors play a role in assisting the current 
migration choice.  
 
The standard model of migration choice in the international and local literature is a latent 
variable model as formulated below: 
           
       {
         
           
  
 
The above specification implies that the indicator variable   is equal to one if the individual 
decides to migrate; however, this only happens when some unobserved variable,    (some 
measure of migration feasibility), is greater than zero and this measure is determined by the 
variables contained in  . While there is some variation in the literature as to what variables 
should be included here, they can generally be divided up into the following categories: one’s 
individual and household characteristics (gender, age, marital status, and household 
composition), physical capital (grant receipt, land size and income) and human capital (years of 
completed schooling) (Posel et al., 2006; Ardington et al., 2009; Ardington et al., 2013; Clarke 
and Eyal, 2014; Schiel, 2014).   
 
Physical capital is important in two respects. Firstly, migration is costly, so those who come from 
wealthier households or households with access to capital may find their credit constraints 
relaxed and therefore be more likely to migrate (Lucas, 1997). On the other hand, individuals in 
possession of physical capital such as land may be less likely to migrate as they may have 
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commitments to tend to the land or may face losing their rights to the land if they were to leave 
(Lucas, 1997).  
 
Analysing the impact of the Old Age Pension (OAP) on labour supply in South Africa, Bertrand 
et al. (2003) find that individuals who share a household with pension recipients are less likely to 
participate in the labour force. Posel et al. (2006), however, challenge this finding by extending 
the household unit to include those individuals who are non-resident at the time of the survey. 
The argument is that these individuals are non-resident because they have migrated for 
employment reasons and should therefore have been included in the analysis conducted by 
Bertrand et al. (2003). The authors find that the OAP is indeed positively associated with the 
probability of being a labour migrant, especially for females, and posit that residing with a 
pension-eligible individual facilitates migration through the alleviation of credit constraints as 
well as childcare responsibilities. Using more recent longitudinal data from rural KwaZulu-Natal, 
Ardington et al. (2009; 2013) expand on Posel et al.’s (2006) analysis, using two waves of data to 
tease out the causal impact of the OAP on labour supply. The authors similarly find that the 
income boost provided by the OAP leads to an increase in the probability of migration, most 
likely due to the alleviation of credit constraints. Furthermore, in line with the fact that owning 
physical capital may also reduce the likelihood of migrating, Clarke and Eyal (2014) find that 
individuals from households in receipt of a government housing subsidy are less likely to 
migrate. These individuals are likely tied down to their physical properties through the housing 
subsidy and are therefore unable to migrate. 
 
With respect to human capital, the literature suggests that being better educated increases the 
probability of migration (Todaro, 1980). This may be due to the fact that more educated 
individuals are better informed of employment opportunities in the urban areas or perhaps that 
the returns to more educated individuals are higher in urban areas relative to rural areas. 
According to the neoclassical approach, this would certainly make these individuals more likely 
to make the choice to move. Alternatively, according to the new economics of migration, if a 
household is going to send an individual to the city in search of wage work to spread the 
household risk, it would make sense that they should choose the individual most likely to find a 
job to be the one to go. This would in many cases be the individual with the most education. 
Various empirical studies of the migration decision in South Africa find that additional human 
capital, measured by higher completed years of schooling, is indeed associated with an increased 
probability of migration (Posel et al., 2006; Clarke and Eyal, 2014; Schiel, 2014). 
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The above theories explain migration with reference to micro-level decision making (the 
individual or the household) and macro-level structural determinants (expected wages, labour 
demand and supply, market failure), but they provide little explanation of how information 
regarding these structural determinants is disseminated from urban to rural areas in order to 
influence the migration decision. This gap can be bridged by the notion of ‘social capital’, which 
in addition to physical and human capital is a third resource that individuals can draw upon to 
facilitate movement between areas (De Haas, 2010; Massey et al., 1993). Social capital adds a 
further layer of complexity to our understanding of the migration decision and it is one that is 
not well-documented in the empirical South African migration literature (Kok et al., 2003).  
 
iii. Migrant networks 
Social capital can be understood as one’s access to migrant networks – “sets of interpersonal ties 
that connect migrants, former migrants, and non-migrants in origin and destination areas 
through ties of kinship, friendship, and shared community origin.” (Massey et al., 1993: 448). 
Network theory posits that having network connections in the destination area serves to facilitate 
migration via two broad mechanisms. Firstly, the network acts as a means by which potential 
migrants can access information regarding the returns to migrating (i.e. information concerning 
employment opportunities or expected wages). By virtue of this fact, migrant networks can both 
stimulate and discourage migration depending on the nature of the information being 
disseminated. For example, if individuals in rural areas hear via the migrant network that job 
opportunities in the cities are rife, they may be encouraged to move; however, if the news is less 
positive, individuals may choose to remain in their rural communities (Gelderblom and Adams, 
2006). Having this information therefore allows potential migrants to update their existing beliefs 
regarding the returns to migration and therefore reduces the risk associated with the decision to 
migrate (Winters et al., 2001).  
 
Secondly, members of the migrant network might offer direct assistance to the potential migrant 
in the way of food, transport, accommodation or access to employment opportunities, which 
directly reduces the financial cost of moving, thereby further alleviating the credit constraints 
associated with the migration decision (Winters et al., 2001). Furthermore, they may also offer 
‘social assistance’ by introducing migrants into their social circles, offering emotional support and 
‘showing them the ropes’, thereby also reducing the psychological costs associated with 




Theoretically, migrant networks therefore reduce both the cost and risk associated with 
movement, increasing the net returns, and thus the probability of migrating. In fact, an 
implication of network theory is that migrant networks not only facilitate the initial migration 
decision but also act as a force for perpetuating migration (Kok et al., 2003). Once the first 
migrants have left their home towns and established migrant networks of their own, it becomes 
easier for potential migrants to move given the reasons stated above. Each new migrant then 
establishes a new link in the migrant network with their own set of social ties to the area of 
origin as well as the destination area. This ongoing cycle linking potential migrants and the 
migrant network through kinship and friendship was defined by Massey (1990) as the 
‘cumulative causation of migration’ – migration creates more migration through migrant 
networks.  
 
In light of the theoretical importance of migrant networks in facilitating as well as perpetuating 
migration, many have sought to empirically estimate their impact on the probability of migrating. 
Building on the standard model of migration choice outlined above, the studies cited below all 
take the following form, where     is the set of variables measuring one’s access to social 
capital and   contains the standard control variables detailed above: 
 
                  
       {
         
           
  
 
Analysing the patterns of Mexico-U.S. migration and empirically testing various theoretical 
predictions, Massey and Espinosa (1997) find that access to social capital does indeed 
significantly increase the probability of initial migration. The authors employ four different 
migrant network variables: an indicator variable for whether a respondent’s parents had begun 
migrating to the U.S. at the time of the survey; the number of the respondent’s siblings who had 
begun migrating to the U.S.; the proportion of community members older than 15 who had been 
to the U.S.; and an indicator variable for whether or not a member of the respondent’s 
household had been legalised under the U.S. Immigration Reform and Control Act. All variables 
are found to be positive and statistically significant.  
 
In another study of Mexico-U.S. migration, Winters et al. (2001) measure access to migrant 
networks by controlling for the number of current migrants (at the time of the survey) and 
historical migrants (who subsequently returned home prior to the survey) in the respondent’s 
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household and community respectively. The authors find that the current migrant network 
variables positively and significantly influence the probability of migration. This stands in 
contrast to having members of one’s household or community classified as historical migrants, 
which does not have a significant impact on the decision to migrate, suggesting that the 
information and assistance that migrant networks provide is specific to the time at which an 
individual is deciding whether or not to move. This makes intuitive sense as the information 
provided by historical migrants would likely be out of date and therefore not very useful to a 
potential migrant.  
 
Given these findings, recent literature concerning Mexico-U.S. migration has delved even further 
into the role of migrant networks, exploring for instance the actual mechanisms by which 
migrant networks assist potential migrants (Dolfin and Genicot, 2010) and the extent to which 
migrant networks affect the selection of Mexican migrants into the U.S. (McKenzie and 
Rapoport, 2010).  
 
The same type of analysis conducted by Massey and Espinosa (1997) and Winters et al. (2001) 
can also be used to understand internal rural-to-urban migration. Similar to the patterns of 
migration in South Africa, Zhao (2003) highlights the circular system of migration in China, 
which by nature serves as a means to maintain and strengthen migrant networks. Zhao (2003) 
estimates the impact of migrant networks on the probability of being a labour migrant, using the 
number of ‘experienced migrants’ in the respondent’s village (individuals that had at least 48 
cumulative months of migration at the time of the survey) and the number of ‘return migrants’ 
(individuals that had some migration experience but returned to the village prior to the survey) to 
measure one’s access to a migrant network. The author finds a positive and significant effect of 
migrant networks on the probability of migrating internally. This empirical finding is in line with 
various descriptive studies that also highlight the importance of migrant networks in facilitating 
the decision to migrate internally. These studies have been conducted using data from India 
(Banerjee, 1983), Germany (Bauer and Zimmerman, 1997), and the Philippines (Caces, 1986).  
 
Given the oscillating nature of migration and the history of migrants retaining strong economic 
and social ties to their rural households and communities, it seems that migrant networks could 
indeed play a fundamental role in facilitating rural-to-urban migration in South Africa. Further to 
that, it is interesting to consider the role of migrant networks in South Africa as means through 
which individuals classified officially as ‘discouraged unemployed’ rather than ‘searching 
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unemployed’ could in fact be searching for work.2 Due to the fact that many individuals live in 
remote rural areas, the cost of travelling to the nearest town or city to look for work may simply 
be too high. Instead, it is plausible that these individuals, who technically do not fall into the 
official definition of being unemployed, are indeed searching for work via their migrant networks 
(Schöer and Leibbrandt, 2006; Posel et al., 2014).  
 
While there has been some loose discussion surrounding the importance of migrant networks in 
facilitating migration within South Africa (Kok et al., 2003; Gelderblom and Adams, 2006; 
Gubhaju and De Jong, 2009; Schiel, 2014) there has been no empirical migration study (to my 
knowledge) that has attempted to directly measure the impact of such networks on the 
probability of migration. This paper will therefore serve as an attempt to fill this void, directly 
exploring the role of migrant networks in facilitating rural-to-urban migration in South Africa. I 
will draw on the literature reviewed above to outline a standard model of the individual’s 
migration decision, paying specific attention to the individual’s access to migrant networks, 
where the key network variable is an indicator variable for the membership of a ‘labour migrant’ 
in the respondent’s household prior to migration. It is important to note that this is a first 
attempt at assessing the direct impact of migrant networks in South Africa and will focus on the 
individual’s broad household membership relationship to labour migrants as opposed to, for 
instance, genetic (or kin) relatedness, which has proved to be somewhat impactful in predicting 
the amount of remittance income sent by migrant workers (Bowles and Posel, 2005). While 
unpacking the network effect to discern kin from other household members is worthy of 
discussion (and will indeed be touched upon later), it will not be the central focus of this study.  
 
In order to conduct the above-mentioned analysis, I will use the first nationally representative 
panel dataset in South Africa, the National Income Dynamics Study (NIDS). The following 
section will describe this dataset in more detail and set up the analysis by examining the 
descriptive statistics of the sample.  
 
                                                 
2 ‘Searching unemployed’ are those individuals who are unemployed and have actively looked for work within the 
previous four weeks, while ‘discouraged unemployed’ have not actively looked for work within the previous four 
weeks despite the fact that they still wish to find a job (Ranchhod, 2009). Discouraged unemployed are often 
excluded from the official measure of unemployment (the ‘narrow’ measure of unemployment as opposed to the 
‘broad’ measure where the discouraged unemployed are included), and therefore excluded from the labour force. 
This, however, is problematic and can lead to an underestimate of unemployment in South Africa. Kingdon and 
Knight (2006) find no distinction between the searching unemployed and the discouraged unemployed that warrants 
excluding the latter from the labour force. Building on this work, Lloyd and Leibbrandt (2014) find that discouraged 
unemployed are significantly less happy than the searching unemployed, but conclude that they should still be 
included in the official measure of unemployment. The discouraged unemployed have merely stopped directly 
searching, not because they have any less desire to find a job, but because the costs of searching are too high.  
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Data and Descriptive Statistics 
i. Data 
The data for this analysis will be taken from the NIDS, Waves 1 and 3 (2008 and 2012), a 
nationally representative household survey conducted by the Southern Africa Labour and 
Development Research Unit (SALDRU) at the University of Cape Town. The baseline wave 
consists of 28226 individuals (from approximately 7300 households), young and old, from across 
all spectrums of South African society (Southern Africa Labour and Development Research 
Unit, 2014).3 The survey collects detailed information at the individual and household level 
through separate questionnaires for individuals aged 15 and over (completed by the individual in 
question), children younger than 15 (completed by the mother or caregiver of the child) and the 
household (completed by the oldest woman in the household). Since most migrants in South 
Africa have historically been, and still are, prime-age African adults, I will limit the sample to 
only these individuals. This is in line with other empirical studies concerning the migration 
decision in South Africa (Posel et al., 2006; Ardington et al., 2009; Ardington et al., 2013; Clarke 
and Eyal, 2014). In this paper, ‘prime-age’ will refer to individuals aged 18 to 55 in Wave 3.  
 
As noted by Posel (2010), NIDS is different to most previous South African surveys as it 
employs a broad household residency requirement, which recognises the fact that in South Africa 
it is possible for an individual to be a member of more than one household or to be a member of 
a household in which they do not physically reside for much of the year, leading to an important 
distinction between resident and non-resident household members (Posel et al., 2006; Posel, 
2010).4 Non-resident household members are individuals who are listed on the household roster 
but are (or have been) absent from the household for a period of time. Those non-resident 
household members who have been absent due to employment reasons (working or looking for 
work) are identified in the literature as ‘labour migrants’ and have been the subject of a number 
of recent migration studies in South Africa (Posel et al., 2006; Posel, 2010; Ardington et al., 2009; 
Ardington et al., 2013; Clarke and Eyal, 2014).  
 
                                                 
3 SALDRU employed a stratified, two-stage cluster sample design in the sampling of households for the baseline 
wave of NIDS. 400 Primary Sampling Units (PSUs) were randomly selected within the assigned strata (53 district 
councils) from StatsSA’s 2003 Master Sample consisting of 3000 PSUs. NIDS’ target population was private 
households (as well as residents in workers’ hostels, convents and monasteries) in all nine provinces of South Africa 
(Leibbrandt et al., 2009). 
4 To be listed on the household roster in NIDS, individuals should have lived under the same roof (at the same 
homestead) for at least 15 days during the previous year, should share food from a ‘common pot’ and share 
resources from a common resource pool. To be further classified as a resident household member, an individual 




Instead of using this definition of a labour migrant as the dependent variable, as was the case in 
the studies cited above, I have used it to create an indicator variable for the respondent’s 
connection to a migrant network. This indicator variable is equal to one if the respondent is part 
of a household in Wave 1 (2008) that contains a labour migrant, defined by Posel (2010) as a 
member of the household who is absent for at least a month during the year for employment 
reasons. This measure is in line with the international migration literature reviewed in the 
previous section.5 As a dependent variable, I will define a migrant as someone who moves from 
a rural area to an urban area between Waves 1 and 3.  
 
An important implication of the way in which a migrant has been defined is that the individuals 
in the sample under analysis all have to have been observed in both Wave 1 and Wave 3 in order 
to establish which individuals migrate between 2008 and 2012 and which do not. This gives rise 
to a potential problem encountered in all analyses using panel data – attrition bias. If it is the case 
that sample attrition appears to be random, then simply analysing those who are observed in 
both Wave 1 and Wave 3 will not bias the analysis; however, if there is selective attrition in that 
those who attrite are somehow different based on observable characteristics to those who remain 
in the sample, then there is a chance that the statistical results could be biased. More specifically, 
if an individual who was observed and interviewed in the baseline wave of NIDS is for some 
reason not located or tracked down for re-interview in Wave 3, it is not possible for anyone to 
know whether or not that individual would have migrated.  
 
Attrition bias in this instance is even more worrying as it is closely related to migrant self-
selection which is a common concern in any migration study – if those individuals who attrite 
fail to be located because they have migrated and are somehow different from those who do not 
attrite, any analysis of the migration decision based only on those individuals who remain in the 
sample could easily be skewed one way or another. This type of bias has been greatly discussed 
in the international migration literature with reference to the earnings assimilation of migrants in 
                                                 
5 Massey and Espinosa (1997) employ four migrant network variables: an indicator variable for whether a 
respondent’s parents had begun migrating to the U.S. at the time of the survey; the number of the respondent’s 
siblings who had begun migrating to the U.S.; the proportion of community members older than 15 who had been 
to the U.S.; and an indicator variable for whether or not a member of the respondent’s household had been legalised 
under the Immigration Reform and Control Act. Winters et al. (2001) measure access to migrant networks by 
controlling for the number of current migrants (at the time of the survey) and historical migrants (who subsequently 
returned home prior to the survey) in the respondent’s household and community respectively. Zhao (2003) 
similarly controls for the number of ‘experienced migrants’ in the respondent’s village (individuals that had at least 
48 cumulative months of migration at the time of the survey) and the number of ‘return migrants’ (individuals that 
had some migration experience but returned to the village prior to the survey).  
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their host countries and the potential impact of selective out-migration on the estimation of 
immigrant earnings profiles (Borjas, 1985; Borjas, 1989; Constant and Massey, 2003).  
 
In order to establish whether or not attrition is likely to have an impact on the current analysis, it 
is important to compare all those observed in the baseline wave to those observed in both Wave 
1 and Wave 3. Table 1 depicts the sample means of Wave 1 observable characteristics for the full 
sample of all adults in Wave 1 as well as the restricted sample of Africans aged 18-55 in Wave 3, 
the specific sample under analysis in this paper.  
 
Upon examination of Table 1 it seems evident that attrition bias in unlikely to be a problem in 
this analysis. Of all adults observed in Wave 1, 1388 (roughly 7%) attrite between Wave 1 and 
Wave 3. Furthermore, when the sample is narrowed down to just prime-aged African adults 
(aged 18-55 in Wave 3) this number falls to 593, implying an attrition rate for the sample under 
analysis of only 5% between Waves 1 and 3. Taking a closer look at the table, it is indeed evident 
that there are very few differences in the sample means between those observed at baseline and 
those observed in both Wave 1 and Wave 3. Columns 1 and 2 compare the sample means of all 
adults in Wave 1 and it appears that, barring the odd percentage point difference here and there, 
the means are almost identical. Perhaps the only noticeable (although still marginal) difference 
between the two samples is that those observed in both Wave 1 and Wave 3 are slightly better 
educated. The same sort of pattern is observed for the prime-aged African adults; however, the 
differences appear even less pronounced than those in the full sample.  
 
All of the above suggests that attrition is unlikely to bias the results in this instance; however, as 
an extra precaution to ensure that the results are indeed unbiased, I will use the panel weights 
supplied by the NIDS staff in all multivariate regressions. These weights are designed to adjust 
the observed sample for subsequent non-response of those observed in Wave 1 and should 
dampen attrition bias based on observable characteristics (Wittenberg, 2009; De Villiers et al., 
2013). 
 
ii. Descriptive statistics 
Table 2 examines the restricted sample (Africans aged 18-55 in Wave 3) in more detail, dividing 
the sample up into migrants (individuals who move from an urban area to a rural area between 




Respondent observed in: Wave 1
Wave 1 and 
Wave 3
Wave 1




   Female 0.52 0.53 0.51 0.51
   Male 0.48 0.47 0.49 0.49
Race
   African 0.77 0.76 - -
   Coloured 0.09 0.09 - -
   Asian/Indian 0.03 0.03 - -
   White 0.11 0.12 - -
Education
   Years of education 8.87 9.03 9.04 9.10
   No schooling 0.09 0.08 0.05 0.05
   Primary 0.19 0.19 0.22 0.22
   Incomplete secondary 0.41 0.41 0.46 0.46
   Matric 0.23 0.24 0.23 0.23
   Some tertiary 0.08 0.09 0.05 0.05
Employment status
   Employed 0.44 0.45 0.43 0.43
   Unemployed (narrow) 0.14 0.14 0.18 0.17
   Unemployed (broad) 0.19 0.19 0.24 0.23
Age 36.24 35.55 28.86 28.66
Household characteristics:
Household size 4.76 4.75 5.05 5.06
Receives pension income 0.21 0.20 0.17 0.17
Rural 0.38 0.37 0.45 0.45
Monthly household income (rands)
   Income quartile 1 803.66 802.99 783.30 785.53
   Income quartile 2 1821.16 1820.08 1810.47 1810.81
   Income quartile 3 3296.72 3295.86 3295.80 3293.11
   Income quartile 4 15597.50 15716.60 11104.87 11035.28
Migrant network variables:
Household contains a labour migrant 0.11 0.11 0.13 0.13
Household receives remittance income 0.15 0.15 0.16 0.16
Household contains an employed individual 0.67 0.67 0.66 0.66
Observations: 18603 17215 11854 11261
All adults aged 15+ in Wave 1 Africans aged 18-55 in Wave 3
Notes:  Wave 1 (2008) survey weights applied. Own calculations using the NIDS data.
Table 1: Baseline wave individual and household characteristics of all adults in Wave 1 (aged 15+) 








   Female 0.53 0.52
   (observations) (362) (5461)
   Male 0.47 0.48
   (observations) (337) (4342)
Education
   Years of education 10.05*** 9.08
   No schooling 0.02 0.05***
   Primary 0.11 0.22***
   Incomplete secondary 0.55*** 0.45
   Matric 0.25 0.23
   Some tertiary 0.07 0.05
Employment status
   Employed 0.25 0.43***
   Unemployed (narrow) 0.17 0.18
   Unemployed (broad) 0.24 0.23
Age 23.91 28.98***
Household characteristics:
Household size 5.84*** 5.13
Receives pension income 0.28*** 0.17
Rural 1.00*** 0.57
Monthly household income (rands)
   Income quartile 1 783.67 788.33
   Income quartile 2 1816.58 1814.20
   Income quartile 3 3340.46 3290.08
   Income quartile 4 18964.14* 10551.05
Migrant network variables:
Household contains a labour migrant 0.25*** 0.13
Labour migrant is kin (parent or sibling) 0.10*** 0.04
Household receives remittance income 0.20 0.16
Household contains an employed individual 0.53 0.67***
Observations: 699 9803
Table 2: Baseline wave individual and household characteristics of 
migrants and non-migrants in the sample of Africans aged 18-55 in Wave 3
¹ Respondent (observed in 2008 and 2012) moves from a rural area to an urban area between survey 
waves
² Respondent (observed in 2008 and 2012) does not move from a rural area to an urban area between 
survey waves
Notes:  *** indicates that the mean difference between the migrant sample and non-migrant sample is 
significant at the 1% level; ** indicates significance at the 5% level; and * indicates significance at the 
10% level. Wave 1 (2008) survey weights applied. Own calculations using the NIDS data.
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different from one another.6 This is important so as to control adequately for any confounding 
factors that may influence the results in the multivariate regressions to follow. In terms of the 
individual characteristics, it appears that the rural-to-urban migrants tend to be better educated 
than non-migrants where a lower percentage of migrants have no schooling or just primary 
school education relative to non-migrants and there are proportionately more migrants with 
some secondary education (excluding matric). It appears that there is no significant difference 
between the proportion of migrants and non-migrants with matric (Grade 12) as well as some 
form of tertiary education, suggesting perhaps that individuals who migrate from a rural area to 
an urban area (possibly in search of work) drop out of secondary school in order to so, or 
perhaps are forced to migrate in search of work because they have failed to complete secondary 
school. The bivariate relationship between migrant status and education is depicted graphically in 
Figure 1. From this it is evident that the relationship is highly non-linear with the proportion of 
migrants increasing sharply for individuals with some secondary education and then decreasing 
sharply after matric.  
 
Figure 1: Proportion of migrants by completed years of education in 2008 
 
 
                                                 
6 See Appendix for Table 10 where the sample is further broken down into males and females – the pattern of 
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Furthermore, in line with the above theory that individuals migrate in search of work, it is 
evident from Table 2 that a much larger percentage of non-migrants (43%) are employed in 
Wave 1 (prior to migration) relative to migrants (25%). A final point on the individual 
characteristics, which again supports the above theory, is that migrants are on average a few years 
younger than non-migrants. Taking a closer look at the migrant-age relationship in Figure 2, it 
appears that the percentage of migrants increases sharply from the early teenage years until about 
18 years of age (in Wave 1) and then decreases. This links back to the fact that migrants are more 
likely to have fewer completed years of schooling and perhaps migrate when they should in fact 
still be in school.   
 
Figure 2: Proportion of migrants by age in 2008 
 
 
The household characteristics of migrants also appear to be somewhat different to non-migrant 
households (prior to migration taking place). First of all, it appears that individuals who 
subsequently migrate come from larger households and, secondly, they are more likely to come 
from households in receipt of state pension income. Of the migration studies previously 
conducted in South Africa, a number of them have focused on the role of the state pension 
(OAP) in facilitating migration, especially for women (Posel et al., 2006; Ardington et al., 2009; 
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pension receipt be controlled for in the multivariate analysis. Table 2 also highlights the fact that 
100% of migrants come from households in rural areas. This is a direct result of the fact that a 
migrant has been defined as an individual who moves from a rural area to an urban area between 
Waves 1 and 3.  
 
Of particular importance in this study is the difference between migrants and non-migrants with 
respect to the migrant network variables. Before running a multivariate analysis, the data is 
suggesting that those who subsequently migrate are more likely than non-migrants to come from 
households containing a labour migrant, pointing to the fact that access to migrant networks is 
indeed likely to have an impact on an individual’s probability of migration. Furthermore, if those 
defined as labour migrants are merely members of the household who are employed, then it 
might be the case that a relationship with a labour migrant simply represents one’s connection to 
the labour market and not to a migrant network. Table 2, however, suggests that this is not the 
case. Individuals who subsequently migrate are 14 percentage points less likely to come from a 
household containing an employed individual than non-migrants. This in turn provides further 
impetus for the theory espoused above that those who migrate from a rural area to an urban area 
do so in search of employment, seeing as those who do not migrate possibly have less need to do 
so due to the fact that they are already employed or they already reside with an employed 
individual who is most probably earning an income.  
 
As a final note on the sample in question, it is important to determine how many individuals 
classified as labour migrants in 2008 subsequently migrate again between survey waves. This is 
because if all rural-to-urban migrants in 2012 were also labour migrants in 2008, then any 
positive relationship between having a labour migrant as a member of one’s household prior to 
migration and the probability of migrating would not represent a network effect but rather a 
behavioural effect of previous migration on future migration. Fortunately, according to Table 3, 
it appears that only 70 (10%) of rural-to-urban migrants were themselves classified as labour 
migrants in Wave 1, allowing enough variation to tease out any network effect if there is one. 
 
Model and Methodology 
The empirical strategy for this analysis is drawn from that used by Zhao (2003) in her study of 
internal migration in China. Zhao (2003) first estimates the standard model of migration choice, 
outlined in the literature review above, which excludes migrant network variables. This is to 













Following that, she then introduces the migrant network variables to isolate the impact of access 
to migrant networks on the migration decision. Zhao (2003) uses two migrant network variables: 
one for the number of ‘experienced migrants’ in the respondent’s village (individuals that had at 
least 48 cumulative months of migration at the time of the survey) and the other for the number 
of ‘return migrants’ (individuals that had some migration experience but returned to the village 
prior to the survey). She finds a positive migrant network effect for the number of experienced 
migrants in the village, but no effect related to the number of return migrants, implying that 
current migrants provide more direct help to potential migrants than do individuals who have 
migrated in the past and returned home.  
 
I will employ a similar strategy to Zhao (2003) by first estimating a standard migration choice 
model based on those used in local migration studies by Posel et al. (2006) and Ardington et al. 
(2009). Subsequent to that I will extend the analysis by including a set of migrant network 
variables, which has not yet been done in the South African migration literature. The final 
migration choice model will look as follows: 
 
                                       
 
where for individual   in household   observed in survey wave  , the dependent variable 
        is an indicator variable equal to one if the respondent is observed to have moved from 
a rural area in Wave 1 to an urban area in Wave 3, and zero otherwise. This binary choice is 
modelled as a function of a set of migrant network variables,    , the key variable of which is 
an indicator variable equal to one if the respondent originates from a household in Wave 1 
containing a labour migrant (defined as an individual who is absent from the household for at 
No Yes Missing
No 9212 531 60 9803
Yes 623 70 6 699
Missing 725 33 1 759




Table 3: Rural-to-urban migrants in 2012 vs labour migrants in 2008
Labour migrant 2008
Note:  Own calculations using the NIDS data.
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least a month during the year for employment reasons – this is derived from the dependent 
variable used by both Posel et al. (2006) and Ardington et al. (2009; 2013)). Also included in this 
set is an indicator variable equal to one if the origin household receives monthly remittance 
income, and an indicator variable equal to one if the origin household contains an employed 
individual. Finally,   is a set of control variables for the individual and household characteristics 
that distinguish migrants from non-migrants prior to migration. This includes a gender dummy, a 
full set of indicators for the respondent’s completed years of schooling, a quartic in age (in order 
to capture the non-linearity observed in Figure 2), an indicator variable equal to one if the 
respondent is married, an indicator variable equal to one if the origin household contains a 
pension-eligible individual,7 and the number of household members in the following age 
categories: 0-5, 6-17, 18-55, 56 and over. All of the above control variables are taken from the 
baseline wave of NIDS.  
 
The migration choice model will be estimated using a linear probability model (LPM) as well as a 
probit model to serve as a comparison. This is to account for the fact that the LPM can lead to 
predictions outside of the [0,1] interval, particularly at the tails of the distribution (Wooldridge, 
2002). As I am only interested in the average partial effects, the LPM should be sufficient, but 
the probit model will act as a useful robustness check (Wooldridge, 2002). I will first estimate the 
model for the entire sample and then by gender so as to tease out any gender-specific effects. All 
regressions will be weighted by the Wave 3 panel weights to account for sample attrition 
between waves.  
 
Empirical Analysis 
The results of the multivariate regressions outlined above are reported in Tables 4, 5 and 6. 
Table 4 contains the results for the full sample under analysis – Africans aged 18-55 in Wave 3 
(2012). Column (1) is the standard migration choice model based on those estimated by both 
Posel et al. (2006) and Ardington et al. (2009); column (2) introduces the first (and key) migrant 
network variable, while column (3) includes two additional migrant network control variables. All 
of the above are LPMs while column (4) reports the average partial effects (APE) for the final 
probit model.   
 
                                                 
7 In 2008 (Wave 1) the age eligibility criteria for the state pension was 60 for females and 65 for males – this has 
subsequently been changed to 60 for all. Upon reaching the required age, individuals are eligible for the pension 
provided they meet certain means test criteria.  
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i. Main results 
According to Table 4, the decision to migrate does not appear to be gender biased as the 
coefficient on the female dummy is very small and statistically insignificant across all models. As 
discussed previously, however, age and education do appear to play a role. The quartic in age is 
highly significant across all LPMs, capturing the non-linear relationship observed in Figure 2. 
The first and second polynomials capture the distinct inverted U-shape observed in the graph, 
and while the coefficients on the third and fourth polynomial are very small, these are likely 
capturing the flattening out and the upturn at the tail observed in Figure 2. In terms of 
education, it seems that individuals with only primary school education are approximately 3 
percentage points less likely than those with matric (the omitted category) to migrate, while those 
with some form of tertiary education are about 5 percentage points more likely to migrate, all 
else equal. Interestingly, while the descriptive statistics discussed above seemed to imply that 
individuals with incomplete secondary education were more likely to be migrants, this does not 
appear evident from the regression results – after controlling for other individual characteristics, 
those with incomplete secondary education are no more or less likely than those with matric to 
be migrants. The above all seems to imply that the probability of being a migrant is higher the 
younger and better educated one is.  
 
In line with both Posel et al. (2006) and Ardington et al. (2009; 2013) individuals from pension-
eligible households are about 2 percentage points more likely to be migrants. This finding 
supports the theory that individuals will be more likely to migrate if their credit constraints are 
relaxed. People living with pension-eligible individuals have a chance of benefitting from the 
cash injection provided by the state pension which might then facilitate the move across country. 
Interestingly, the probability of migrating increases slightly for each additional child in the origin 
household and decreases for each additional prime-age adult. This may signify that a household 
with relatively more children contains fewer individuals that can work for a wage, thus the need 
to migrate in search of work would be greater, while those who live in households with relatively 
more adults would face less need to find work as there are multiple individuals who could 
theoretically bring in an income. The above findings are all largely in line with previous migration 
studies in South Africa.  
 
The principal question this analysis is striving to answer is whether and to what extent migrant 
networks influence the migration decision in South Africa. Columns (2)-(4) thereby extend the 




(1) (2) (3) (4)
LPM LPM LPM Probit APE
Female -0.003 -0.004 -0.005 -0.005
(0.005) (0.005) (0.005) (0.005)
Age 0.112*** 0.108*** 0.103*** 0.063*
(0.032) (0.032) (0.033) (0.036)
Age^2 -0.006*** -0.005*** -0.005*** -0.003
(0.002) (0.002) (0.002) (0.002)
Age^3 0.000*** 0.000*** 0.000*** 0.000
(0.000) (0.000) (0.000) (0.000)
Age^4 -0.000*** -0.000** -0.000** -0.000
(0.000) (0.000) (0.000) (0.000)
No schooling -0.016 -0.016 -0.020* -0.022
(0.010) (0.010) (0.010) (0.016)
Primary -0.031*** -0.031*** -0.034*** -0.044***
(0.007) (0.007) (0.007) (0.010)
Incomplete secondary 0.000 0.000 -0.001 -0.004
(0.006) (0.006) (0.006) (0.006)
Some tertiary 0.043* 0.045* 0.050** 0.050***
(0.024) (0.024) (0.025) (0.016)
Married 0.007 0.006 0.006 0.004
(0.007) (0.007) (0.007) (0.007)
Pension eligible household 0.029*** 0.026*** 0.024** 0.019***
(0.010) (0.010) (0.010) (0.007)
Number resident household members aged 0-5 0.006* 0.005* 0.006* 0.006**
(0.003) (0.003) (0.003) (0.003)
Number resident household members aged 6-17 0.009*** 0.009*** 0.008*** 0.008***
(0.002) (0.002) (0.002) (0.002)
Number resident household members aged 18-55 -0.012*** -0.011*** -0.010*** -0.009***
(0.002) (0.002) (0.002) (0.002)
Number resident household members aged 56 and over 0.010 0.011* 0.011 0.010*
(0.007) (0.007) (0.007) (0.005)
Household contains a labour migrant 0.027*** 0.027*** 0.021***
(0.008) (0.008) (0.006)
Household contains an employed individual -0.021*** -0.019***
(0.005) (0.005)
Household receives remittance income -0.007 -0.007
(0.007) (0.006)
Observations 9341 9315 9287 9287
*** p<0.01, ** p<0.05, * p<0.1
Dependent variable: Rural-to-urban migrant
Note:  Robust standard errors in parentheses. Wave 3 panel weights applied. Column (4) depicts the average partial effects (APE) 
from the probit regression.  Own calculations using the NIDS data.




networks. From column (2) it is evident that access to a migrant network increases the 
probability of migrating by approximately 2 to 3 percentage points. This finding is statistically 
significant at the 1% level and robust to the inclusion of further migrant network controls 
(columns (3) and (4)). As mentioned previously, it could be the case that one’s connection to a 
labour migrant is merely capturing one’s connection to the labour market as opposed to a 
migrant network; however, after controlling for one’s connection to an employed individual, the 
migrant network variable remains highly significant. Furthermore, the control variable is itself 
negative and significant indicating that sharing a household with an employed individual reduces 
the likelihood of migration by approximately 2 percentage points, all else equal. Finally, it could 
also be the case that one’s connection to a labour migrant is capturing the effect of remittance 
income which might facilitate migration in the same way as pension income; however, once 
again, including a control for the receipt of remittance income does not change the coefficient 
on the migrant network variable and is itself statistically insignificant.  
 
While there appears to be no gender bias in that migration rates are fairly similar between males 
and females, Tables 5 and 6 yield some interesting results which suggest that the factors 
facilitating migration tend to differ slightly across gender. One of the most noticeable differences 
between the male and female results is that for males (Table 5), age appears to be a completely 
insignificant factor statistically speaking, while for females (Table 6) the results for age are in line 
with those discussed above. This may be due to the fact that males are generally considered to be 
the breadwinners and therefore may be likely to migrate at any stage of their adulthood in search 
of work, while for females, who might be expected to care for children in their latter adulthood 
years, the likelihood of migration is higher in young adulthood. A further distinction is that 
originating from a pension-eligible household only appears to impact on the migration decision 
for females. This finding is in line with that of Posel et al. (2006) who posit that females not only 
benefit from the inevitable cash injection provided by the pension, but also perhaps find it easier 
to migrate if they are relieved of childcare constraints by the pensioner in receipt of the pension. 
Taking a closer look at the migrant network effect by gender, it appears that both males and 
females are more likely to migrate if they have some connection to the migrant network, and the 
magnitude of this effect is similar for both. Interestingly, however, it appears that it is the men 
who are less likely to migrate given that they are a member of a household containing an 
employed individual, while for women this is statistically insignificant. This perhaps suggests that 




(1) (2) (3) (4)
LPM LPM LPM Probit APE
Age 0.075 0.071 0.064 0.018
(0.046) (0.046) (0.046) (0.043)
Age^2 -0.003 -0.003 -0.003 -0.000
(0.003) (0.003) (0.002) (0.002)
Age^3 0.000 0.000 0.000 -0.000
(0.000) (0.000) (0.000) (0.000)
Age^4 -0.000 -0.000 -0.000 0.000
(0.000) (0.000) (0.000) (0.000)
No schooling -0.009 -0.009 -0.014 -0.020
(0.017) (0.017) (0.017) (0.026)
Primary -0.028*** -0.028*** -0.031*** -0.040***
(0.010) (0.010) (0.010) (0.013)
Incomplete secondary 0.002 0.003 0.002 -0.000
(0.009) (0.009) (0.009) (0.008)
Some tertiary 0.061 0.062 0.067 0.061**
(0.045) (0.045) (0.045) (0.026)
Married 0.012 0.012 0.013 0.009
(0.010) (0.010) (0.010) (0.009)
Pension eligible household 0.022 0.019 0.016 0.013
(0.013) (0.014) (0.014) (0.011)
Number resident household members aged 0-5 0.002 0.002 0.003 0.003
(0.004) (0.004) (0.004) (0.004)
Number resident household members aged 6-17 0.013*** 0.012*** 0.012*** 0.010***
(0.003) (0.003) (0.003) (0.003)
Number resident household members aged 18-55 -0.012*** -0.011*** -0.009*** -0.008***
(0.003) (0.003) (0.003) (0.003)
Number resident household members aged 56 and over 0.015 0.016 0.014 0.011
(0.010) (0.010) (0.010) (0.008)
Household contains a labour migrant 0.028** 0.028** 0.021***
(0.013) (0.013) (0.008)
Household contains an employed individual -0.034*** -0.031***
(0.008) (0.007)
Household receives remittance income -0.006 -0.007
(0.010) (0.008)
Observations 4064 4052 4040 4040
*** p<0.01, ** p<0.05, * p<0.1
Dependent variable: Rural-to-urban migrant
Note:  Robust standard errors in parentheses. Wave 3 panel weights applied. Column (4) depicts the average partial effects (APE) 
from the probit regression. Own calculations using the NIDS data.
Table 5: The effect of migrant networks on the probability of migration for African males aged 18-




(1) (2) (3) (4)
LPM LPM LPM Probit APE
Age 0.148*** 0.143*** 0.140*** 0.109**
(0.043) (0.043) (0.044) (0.053)
Age^2 -0.008*** -0.007*** -0.007*** -0.006**
(0.002) (0.002) (0.002) (0.003)
Age^3 0.000*** 0.000*** 0.000*** 0.000*
(0.000) (0.000) (0.000) (0.000)
Age^4 -0.000*** -0.000*** -0.000*** -0.000*
(0.000) (0.000) (0.000) (0.000)
No schooling -0.020* -0.021* -0.023** -0.027
(0.011) (0.011) (0.012) (0.018)
Primary -0.034*** -0.033*** -0.036*** -0.047***
(0.010) (0.010) (0.011) (0.014)
Incomplete secondary -0.002 -0.002 -0.003 -0.006
(0.009) (0.009) (0.009) (0.008)
Some tertiary 0.031 0.032 0.036 0.039*
(0.027) (0.027) (0.027) (0.020)
Married 0.001 -0.000 -0.000 -0.003
(0.009) (0.009) (0.009) (0.009)
Pension eligible household 0.035*** 0.031** 0.030** 0.024**
(0.013) (0.013) (0.014) (0.010)
Number resident household members aged 0-5 0.008* 0.007* 0.008* 0.008**
(0.004) (0.004) (0.004) (0.004)
Number resident household members aged 6-17 0.006** 0.006* 0.006* 0.006**
(0.003) (0.003) (0.003) (0.003)
Number resident household members aged 18-55 -0.012*** -0.011*** -0.010*** -0.010***
(0.002) (0.002) (0.003) (0.003)
Number resident household members aged 56 and over 0.007 0.008 0.009 0.009
(0.009) (0.009) (0.009) (0.008)
Household contains a labour migrant 0.026** 0.026** 0.020**
(0.011) (0.011) (0.008)
Household contains an employed individual -0.010 -0.009
(0.007) (0.007)
Household receives remittance income -0.008 -0.006
(0.009) (0.008)
Observations 5277 5263 5247 5247
*** p<0.01, ** p<0.05, * p<0.1
Dependent variable: Rural-to-urban migrant
Note:  Robust standard errors in parentheses. Wave 3 panel weights applied. Column (4) depicts the average partial effects (APE) 
from the probit regression. Own calculations using the NIDS data.
Table 6: The effect of migrant networks on the probability of migration for African females aged 
18-55 in Wave 3 (2012)
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member of their household is already employed) while perhaps women migrate for other reasons 
such as marriage.  
 
ii. Robustness checks 
As mentioned in the earlier discussion of the descriptive statistics, it is important to tease out the 
potentially confounding impact of those classified as labour migrants in 2008 as well as rural-to-
urban migrants in 2012. If, for instance, all individuals who had previous migration experience 
subsequently migrated again between survey waves, then the network variable ‘household 
contains a labour migrant’ would simply capture the previous migration experience of the 
individual in question and not the intended network effect.  
  
While just 10% of the rural-to-urban migrant sample is classified as both migrant types (see 
Table 3), it is still important to test whether or not these individuals are in fact driving the results. 
Table 7 reports the regression results from this robustness check, where an additional control 
has been included in the main model for whether the individual in question was a labour migrant 
in their original household and the migrant network variable has been amended to zero for those 
individuals who were the only labour migrants in their household of origin. The migrant network 
variable along with this additional control (both in bold) indicate that, fortunately, this does not 
seem to be an issue in the analysis. Access to a migrant network remains statistically significant, 
suggesting an increase in the probability of migration of approximately 2-3 percentage points, all 
else equal, and the labour migrant control is statistically insignificant with small coefficients. This 
could suggest that, after controlling for relevant individual and household characteristics, those 
who have migrated previously are no more or less likely to migrate between waves relative to 
those with no previous migration experience. Alternatively, since there are just 70 individuals 
who classify as both labour migrants in 2008 and rural-to-urban migrants in 2012, perhaps there 
is simply not enough statistical power to tease out the impact of previous migration experience. 
 
An additional issue raised in this paper’s earlier discussion is that one’s connection to a labour 
migrant may capture one’s connection to the labour market instead of one’s access to a migrant 
network. While this has been refuted by the above analysis, a further robustness check is 
required to establish whether the negative coefficient on the variable ‘household contains an 
employed individual’ is capturing the individual’s own employment status or their relationship 
with some other employed individual in the household, as both could plausibly lead to a reduction 




(1) (2) (3) (4)
LPM LPM LPM Probit APE
Female -0.003 -0.004 -0.005 -0.005
(0.005) (0.005) (0.005) (0.005)
Age 0.112*** 0.111*** 0.106*** 0.066*
(0.032) (0.032) (0.033) (0.036)
Age^2 -0.006*** -0.006*** -0.005*** -0.003
(0.002) (0.002) (0.002) (0.002)
Age^3 0.000*** 0.000*** 0.000*** 0.000
(0.000) (0.000) (0.000) (0.000)
Age^4 -0.000*** -0.000** -0.000** -0.000
(0.000) (0.000) (0.000) (0.000)
No schooling -0.016 -0.016 -0.020* -0.022
(0.010) (0.010) (0.010) (0.016)
Primary -0.031*** -0.031*** -0.034*** -0.045***
(0.007) (0.007) (0.007) (0.010)
Incomplete secondary 0.000 -0.000 -0.002 -0.004
(0.006) (0.006) (0.006) (0.006)
Some tertiary 0.043* 0.045* 0.050** 0.050***
(0.024) (0.024) (0.025) (0.016)
Married 0.007 0.007 0.007 0.004
(0.007) (0.007) (0.007) (0.007)
Pension eligible household 0.029*** 0.025** 0.022** 0.018**
(0.010) (0.010) (0.010) (0.007)
Number resident household members aged 0-5 0.006* 0.005 0.006* 0.006**
(0.003) (0.003) (0.003) (0.003)
Number resident household members aged 6-17 0.009*** 0.009*** 0.008*** 0.008***
(0.002) (0.002) (0.002) (0.002)
Number resident household members aged 18-55 -0.012*** -0.010*** -0.010*** -0.009***
(0.002) (0.002) (0.002) (0.002)
Number resident household members aged 56 and over 0.010 0.012* 0.012* 0.011**
(0.007) (0.007) (0.007) (0.005)
Household contains a labour migrant (excl. self) 0.028*** 0.028*** 0.021***
(0.009) (0.009) (0.006)
Labour migrant 0.017 0.017 0.012
(0.014) (0.014) (0.009)
Household contains an employed individual -0.021*** -0.019***
(0.005) (0.005)
Household receives remittance income -0.008 -0.008
(0.007) (0.006)
Observations 9341 9283 9255 9255
*** p<0.01, ** p<0.05, * p<0.1
Dependent variable: Rural-to-urban migrant
Note:  Robust standard errors in parentheses. Wave 3 panel weights applied. Column (4) depicts the average partial effects (APE) 
from the probit regression. Own calculations using the NIDS data.
Table 7: The effect of migrant networks on the probability of migration for Africans aged 18-55 in 
Wave 3 (2012) – controlling for labour migrant status
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Table 8 and show that it is in fact the former effect at play – if individuals are already employed, 
they are approximately 1.5 percentage points less likely to migrate than those who are 
unemployed or not economically active, all else equal. While being a member of a household 
with some other employed individual excluding oneself also has a negative coefficient, this 
coefficient is very small and statistically insignificant. This finding again supports the theory that 
those who migrate from rural to urban areas do so in search of employment.  
 
iii. Genetic relatedness 
The above analysis focuses on one’s connection to a migrant network via household 
membership, which, as stated earlier, can be rather loosely defined in South Africa to include 
individuals that do not physically reside in the household for much of the year. Furthermore, it is 
not uncommon in South Africa for households to include multiple generations and extended 
family. A natural extension of the above analysis is therefore to see if it is possible to break down 
the migrant network effect even further in order to test whether this effect differs by how closely 
related one is to a labour migrant. This idea is loosely drawn from Bowles and Posel’s (2005) 
work on the role of genetic relatedness in predicting the amount of remittance income sent by 
migrant workers in South Africa.  
 
In an attempt to tease out the impact of genetic relatedness with respect to the migrant network 
effect, I have identified a respondent’s immediate family or ‘kin’ (mother, father and siblings) and 
included in the analysis an additional indicator variable equal to one if the respondent’s kin was 
classified as a labour migrant in 2008. Further to that, I have also included an interaction term 
between this indicator variable and the original migrant network variable which will capture the 
effect of those whose kin is classified as a labour migrant and share a household with the 
respondent.  
 
The results of this analysis are reported in Table 9. From column (2) it appears that, while still 
controlling for having a labour migrant in the household, one’s immediate relation to a labour 
migrant has a positive but insignificant effect. Column (3), however, yields some interesting 
results. It appears that the above effect can be further broken down to distinguish between 
simply being related to a labour migrant and being related to a labour migrant in the same household. 
The final results suggest that being related to a labour migrant who shares a household with you 
produces a very strong network effect, while simply being related to a labour migrant (and not 




(1) (2) (3) (4)
LPM LPM LPM Probit APE
Female -0.003 -0.007 -0.007 -0.007
(0.005) (0.006) (0.006) (0.006)
Age 0.112*** 0.094** 0.094** 0.073
(0.032) (0.046) (0.046) (0.048)
Age^2 -0.006*** -0.005** -0.005** -0.004
(0.002) (0.002) (0.002) (0.003)
Age^3 0.000*** 0.000* 0.000* 0.000
(0.000) (0.000) (0.000) (0.000)
Age^4 -0.000*** -0.000* -0.000* -0.000
(0.000) (0.000) (0.000) (0.000)
No schooling -0.016 -0.015 -0.016 -0.019
(0.010) (0.012) (0.012) (0.018)
Primary -0.031*** -0.028*** -0.029*** -0.037***
(0.007) (0.008) (0.008) (0.011)
Incomplete secondary 0.000 -0.004 -0.005 -0.006
(0.006) (0.007) (0.007) (0.007)
Some tertiary 0.043* 0.056** 0.056** 0.057***
(0.024) (0.027) (0.027) (0.018)
Married 0.007 0.010 0.010 0.007
(0.007) (0.008) (0.008) (0.008)
Pension eligible household 0.029*** 0.021* 0.020* 0.016*
(0.010) (0.012) (0.012) (0.009)
Number resident household members aged 0-5 0.006* 0.007** 0.008** 0.007**
(0.003) (0.004) (0.004) (0.003)
Number resident household members aged 6-17 0.009*** 0.007** 0.007** 0.006***
(0.002) (0.003) (0.003) (0.002)
Number resident household members aged 18-55 -0.012*** -0.012*** -0.011*** -0.010***
(0.002) (0.002) (0.002) (0.003)
Number resident household members aged 56 and over 0.010 0.012 0.012 0.011*
(0.007) (0.008) (0.008) (0.006)
Household contains a labour migrant 0.024** 0.025*** 0.019***
(0.010) (0.010) (0.007)
Employed -0.015*** -0.015*** -0.017**
(0.006) (0.006) (0.007)
Household contains an employed individual (excl. self) -0.007 -0.007
(0.007) (0.007)
Household receives remittance income -0.009 -0.009
(0.008) (0.007)
Observations 9341 7461 7461 7461
*** p<0.01, ** p<0.05, * p<0.1
Dependent variable: Rural-to-urban migrant
Note:  Robust standard errors in parentheses. Wave 3 panel weights applied. Column (4) depicts the average partial effects (APE) from 
the probit regression. Own calculations using the NIDS data.
Table 8: The effect of migrant networks on the probability of migration for Africans aged 18-55 in 






Female -0.005 -0.005 -0.005
(0.005) (0.005) (0.005)
Age 0.103*** 0.103*** 0.103***
(0.033) (0.033) (0.033)
Age^2 -0.005*** -0.005*** -0.005***
(0.002) (0.002) (0.002)
Age^3 0.000*** 0.000*** 0.000***
(0.000) (0.000) (0.000)
Age^4 -0.000** -0.000** -0.000**
(0.000) (0.000) (0.000)
No schooling -0.020* -0.019* -0.019*
(0.010) (0.010) (0.010)
Primary -0.034*** -0.034*** -0.034***
(0.007) (0.007) (0.007)
Incomplete secondary -0.001 -0.002 -0.002
(0.006) (0.006) (0.006)
Some tertiary 0.050** 0.050** 0.050**
(0.025) (0.025) (0.025)
Married 0.006 0.006 0.006
(0.007) (0.007) (0.007)
Pension eligible household 0.024** 0.023** 0.023**
(0.010) (0.010) (0.010)
Number resident household members aged 0-5 0.006* 0.006* 0.006*
(0.003) (0.003) (0.003)
Number resident household members aged 6-17 0.008*** 0.008*** 0.008***
(0.002) (0.002) (0.002)
Number resident household members aged 18-55 -0.010*** -0.010*** -0.010***
(0.002) (0.002) (0.002)
Number resident household members aged 56 and over 0.011 0.011 0.011
(0.007) (0.007) (0.007)
Household contains a labour migrant 0.027*** 0.020** 0.020**
(0.008) (0.009) (0.009)
Household contains an employed individual -0.021*** -0.022*** -0.022***
(0.005) (0.005) (0.005)
Household receives remittance income -0.007 -0.007 -0.007
(0.007) (0.007) (0.007)
Labour migrant is kin (parent/sibling) 0.024 -0.064***
(0.017) (0.008)
(Labour migrant is kin) x (Household contains a labour migrant) 0.088***
(0.018)
Observations 9287 9287 9287
*** p<0.01, ** p<0.05, * p<0.1
Note:  Robust standard errors in parentheses. Wave 3 panel weights applied. Own calculations using the NIDS data.
Dependent variable: Rural-to-urban migrant
Table 9: The effect of migrant networks on the probability of migration for Africans aged 18-55 in Wave 3 
(2012) – controlling for genetic relatedness
33 
 
strong negative impact on the probability of migrating (together yielding the positive but 
insignificant effect observed in column (2)). The coefficient on the interaction term seems 
intuitive – for those who share a household with their immediate family and those family 
members have recent migration experience, it is likely that these individuals would have easy 
access to a migrant network which would offer direct support in the migration decision. The 
opposite effect of being immediately related to a labour migrant (regardless of household 
membership) is puzzling. Perhaps individuals who are immediately related to a labour migrant, 
regardless of household membership, are less likely to migrate (all else held constant) if familial 
or caregiving responsibilities have fallen on them due to the absence of their labour migrant 
relation(s).  
 
These explanations are speculative, but it can be said that given the robustness of the migrant 
network variable and the statistical significance of the kinship variables, migrant networks 
definitely affect one’s probability of migrating; however, there appears to be some form of 
household bargaining process at play which determines exactly how one’s connection to a labour 
migrant affects one’s migration choice. This analysis can only go so far in unpacking this 
household bargaining process, but perhaps more can be said on this issue when future waves of 
the NIDS data become available.  
 
Conclusion   
Rural-to-urban migration has been a fixture in South African history for a long time and persists 
to this day; however, due to data limitations and a lack of available longitudinal data, the South 
African migration literature is still in its infancy. Recent empirical work has therefore largely 
focused on understanding the basic factors that facilitate the individual’s migration decision and 
the findings of these studies suggest that access to physical and human capital, in the way of 
finance and education respectively, are key factors in increasing one’s probability of migrating 
(Posel et al., 2006; Ardington et al., 2009; Ardington et al., 2013; Clarke and Eyal, 2014; Schiel, 
2014). These studies, however, have not accounted for an individual’s access to social capital, 
which can be broadly understood as one’s access to a migrant network and has been widely 
recognised in the international migration literature as an important factor in reducing the costs 
and risks associated with migrating (Massey, 1990; Massey et al., 1993; Massey and Espinosa, 
1997; Winters et al., 2001; Zhao, 2003; McKenzie and Rapoport, 2010; Dolfin and Genicot, 
2010). This paper has therefore extended the current South African migration literature by 
focusing specifically on the role of migrant networks in facilitating rural-to-urban migration.  
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In order to formulate the empirical strategy, this analysis has actively drawn on the local and 
international migration literature. Using the definition of a ‘labour migrant’ provided in the 
recent South African migration literature as an individual who is absent from the household for 
at least a month during the year for employment reasons (Posel, 2010), I measured one’s access 
to a migrant network by whether or not an individual was a member of a household containing a 
‘labour migrant’ in the baseline wave of NIDS (2008). This is in line with the strategies employed 
in the international migrant network literature. I then took advantage of the longitudinal nature 
of NIDS by defining a rural-to-urban migrant (my dependent variable) as an individual who is 
observed moving from a rural area in the baseline wave (2008) to an urban area by Wave 3 
(2012).  
 
Following the procedure of Zhao (2003) in her study of internal migration in China, I first 
estimated a migration choice model in line with previous local studies and then introduced 
controls to capture the impact of migrant networks on the probability of migrating. The findings 
of the migration choice model affirm established findings. The probability of migrating tends to 
increase the more educated one is and the age-migration relationship is hump-shaped, initially 
increasing with age in the late teens to early twenties and then decreasing. Furthermore, in line 
with the findings of Posel et al. (2006) and Ardington et al. (2009), women appear to be more 
likely to migrate if they share a household with a pension-eligible individual. This is possibly due 
to the fact that residing with a pensioner could not only reduce the credit constraints one may 
face in deciding to migrate, but also the childcare constraints facing young mothers.  
 
In line with the international migration literature, the empirical results also suggest that sharing a 
household with somebody with recent experience as a labour migrant increases the likelihood of 
becoming a migrant oneself (by between 2-3 percentage points). These findings are robust to the 
inclusion of the individual’s prior migration experience and employment status. Furthermore, 
while it was not the main focus of this analysis, there appears to be evidence that being 
genetically (and immediately) related to someone with previous migration experience induces 
some form of household bargaining process such that the impact of being closely related to a 
labour migrant on one’s probability of migration is somewhat unclear. These findings therefore 
suggest that social capital does indeed seem to play a role along with physical and human capital 




The obvious policy implication of this result is that people who migrate from rural communities 
to urban centres in South Africa do not necessarily do so in some blind attempt to find work – 
they have probably received information from their migrant networks regarding possible job 
opportunities and have made the move with the help of their friends and family. As more and 
more migrants join the migrant network, migration can become a self-sustaining process and 
Massey’s (1990) theory of the cumulative causation of migration will become a reality. Given the 
growing populations and already limited supply of housing in South African cities, government 
should bear these findings strongly in mind, and improve its efforts to supply more 
accommodation in the urban areas or create employment opportunities in the rural areas to keep 
people from migrating in the first place. 
 
Due to data limitations, I was only able to measure one’s connection to a migrant network via 
household membership and, to some extent, kinship. In terms of further research, it would be 
interesting to explore whether the migrant network effect extends to the community level, as this 
has been found to be the case in other countries (Massey and Espinosa, 1997; Winters et al., 
2001; Zhao, 2003). It could also be informative to tease out the role of genetic relatedness even 
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Migrant¹ Non-migrant² Migrant¹ Non-migrant²
Individual characteristics:
Education
   Years of education 9.75*** 8.94 10.32*** 9.20
   No schooling 0.02 0.05** 0.02 0.05***
   Primary 0.14 0.24*** 0.08 0.20***
   Incomplete secondary 0.53*** 0.43 0.57*** 0.48
   Matric 0.24 0.24 0.26 0.22
   Some tertiary 0.07 0.04 0.07 0.05
Employment status
   Employed 0.28 0.54*** 0.22 0.35***
   Unemployed (narrow) 0.17 0.14 0.17 0.21
   Unemployed (broad) 0.20 0.17 0.26 0.28
Age 23.86 28.50*** 23.96 29.42***
Household characteristics:
Household size 5.53*** 4.74 6.10*** 5.48
Receives pension income 0.27*** 0.16 0.29*** 0.18
Monthly household income (rands)
   Income quartile 1 777.10 789.67 789.61 787.32
   Income quartile 2 1801.19 1821.47 1827.97 1807.50
   Income quartile 3 3323.03 3312.07 3359.57 3267.57
   Income quartile 4 15172.22 10751.77 22416.99* 10347.23
Migrant network variables:
Household contains a labour migrant 0.24*** 0.11 0.27*** 0.15
Labour migrant is kin (parent or sibling) 0.11*** 0.04 0.10*** 0.04
Household receives remittance income 0.19* 0.15 0.20 0.17
Household contains an employed individual 0.52 0.71*** 0.54 0.63***
Observations: 337 4342 362 5461
Male
Table 10: Baseline wave individual and household characteristics of migrants and non-migrants 
in the sample of Africans aged 18-55 in Wave 3 – males vs females
Female
Notes:  *** indicates that the mean difference between the migrant sample and non-migrant sample is significant at the 1% level; ** 
indicates significance at the 5% level; and * indicates significance at the 10% level. Wave 1 (2008) survey weights applied. Own 
calculations using the NIDS data.
¹ Respondent (observed in 2008 and 2012) moves from a rural area to an urban area between survey waves
² Respondent (observed in 2008 and 2012) does not move from a rural area to an urban area between survey waves
